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Machanisms of Rubber Situation Analysis and Urgent Information Distribution
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ABATRACT

The aim of this research was to find the machanisms of rubber situation Analysis, that it can be
used to observed the rubber price fuctuation. The research included 1)the model of forecasting rubber
smoked sheet price, which collected data from the five-day forecast of rubber smoked sheet price. The
daily price was applied from January 2003 to July 2013 to analyzed the model. There were 4 forecasting
techniques used, which are Box and Jenkins, Hybrid Forecasting, Multiple Regression and Combine
Forecasting. Also, three statistical indicators checking the estimate precision held (1) Mean Absolute
Error: MAE (2) Mean Absolute Percentage Error: MAPE and (3) Root Mean Square Error: RMSE.
Hybrid Forecasting and Combine Forecasting have least error. To conclude, the predictive model
suitable for rubber price are Hybrid Forecasting and Combine Forecasting.2) Early warning model for
rubber price change. The study focused on modeling the early warning for rubber cost by an equation of
the world’s rubber use and creation. Then the reasonable price was ready to design an early warning
model and to be the factor that needed monitored due to its impact on prices. The total of 120 samples
were used the monthly series data from January 2003 to December 2013. From the result showed that
the variables affecting the price and should be monitored were the changes of rubber volume in the 3
months ago, the changes of world stock and the changes Purchasing Managers Index (PMI), Excess
demand or excess supply and the last objective is 3)to Establish Analysis Centre on Rubber Economic
for Urgent Information Distribution such as rubber price statistic data, rubber price analysis, predictive
the rubber price base on the data analysis from rubber price forecasting model on rubber smoked sheet
price and model of Early Warning Model for Rubber Price fluctuation .
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Table 1. Accuracy testing of forecasting mechanisms

Model MAE MAPE RMSE
SARIMA( 1,1,0)(1,0,1); 0.970 1.061 1.353
Hybrid Forecasting 0.214 0.668 0.988
Multiple Regression 0.786 0.842 1.339
Combine Forecasting 0.068 0.072 1.008

Table 2. RSS3 prices comparison between actual and forecasted prices

Unit : Baht/Kg.

Forecasting mechanisms

dd/mm/yy RS'SS SARIMA Hybrid Multiple Combine
price (1,1,0)(1,0,1);  Forecasting Regression Forecasting
23/7/2012 91.59 98.64 90.99 92.90 92.53
24/7/2012 91.59 90.12 90.97 90.77 90.81
25/7/2012 90.89 91.59 90.25 90.30 90.29
26/7/2012 91.40 90.66 90.78 90.37 90.45
27/7/2012 92.25 91.61 91.67 91.38 91.46
Table 3. Result of unit root test
critical value stationary
variables ADP - stat
1% 5% 10% level
DNR -3.460%* -4.041 -3.450 -3.150 [(1)
Pw -4.540** -4.047 -3.453 -3.152 [(2)
PMI_ch -3.596* -4.050 -3.454 -3.152 [ (0)
PMI ja -8.418** -4.037 -3.448 -3.149 [(1)
SNR -3.883** -4.037 -3.448 -3.149 [(1)
STOCK -4.009%* -4.042 -3.450 -3.150 [(1)

* . confident level 95% , ** : confident level 99%
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Table 4. Results of cointegration

testing of world rubber demand model

Null Alternative Eigen value  Trace statistic Critical value
Hypothesis Hypothesis 5% 1%
=0 ** >0 0.208 64.595 55.245 62.521
r< | ** r>1 0.156 37.708 35.010 41.081
r<2* r>2 0.110 18.928 18.397 23.152
r< 3 ** r>3 0.046 5.447 3.841 6.634

* 1 95% Confidence interval, ** 99% Confidence interval

Table 5. Results of cointegration

testing of world rubber supply model

Null Alternative Eigenvalue Trace statistic Critical value
Hypothesis Hypothesis 5% 1%
=0 ** r>0 0.234 52.745 35.010 32.064
r< | ** r>1 0.111 22.050 18.397 16.160
r< 2%* r>2 0.070 8.429 3.841 2.705

* 1 95% Confidence interval, ** 99% Confidence interval



